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Abstract

Point spectroscopy and more recently hyperspectral imaging have been applied to soil carbon analysis, offering
potentially cost and time effective analytical methods. The aim of this study was to address the following question:
does the choice of instrument (imagery and point spectroscopy) influence the result obtained for the prediction of
soil organic carbon (SOC)? The study was conducted using ۳75 soils samples that were scanned by two point
spectrometers and two imaging systems. SOC was measured for each sample and the prediction modes were
developed using multivariate analysis. The accuracy of models was evaluated using statistical parameters. This
study demonstrated that spectral imaging has the ability to be as accurate as point spectroscopy for predicting SOC.
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