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Abstract
In order to comparing geostatistics and artificial neural networks (ANN) methods in predicting soil salinity this
experiment was conducted in Sistan RegionZahak land. \ Y\ soil samples were taken at the depth of +-Y'+ cm within
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the grid of YO+ YO+ m and soil EC were determined. \ - & samples were used for training and \# samples were
used for test in both models. Different models of geostatistics and ANN were fitted and the best models were
selected. Results showed that ANN in predicting soil salinity was better than geostatistics. ANN had a
determination coefficient of .04 and RMSE of \0.A in compression to geostatistics with +.0Y for determination

coefficient and V4.Y « for RMSE had more accuracy. Management effect on soil salinity decreased the prediction
accuracy in both models in study area.
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