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Mapping distribution of different lithologies via maximum likelihood method in Golestan loess plateau
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Abstract

Nowadays, using satellite images as new approach can be useful and reliable in mapping different land covers
and land uses. Yalibedragh in south of Golestan loess plateau is an accessible site to study different loess plateau
lithologies. The aim of this study is to map different lithological units in 1000 hectare of the studied area by
using Landsat 8 images by maximum likelihood method. Eventually, three lithological units were detected
including Loess, Loess-Paleosol of early Plistosen, Lime-Stone, and their distribution map was prepared.
Overall accuracy and kappa coefficient were estimated 77% and 0.53 by maximum likelihood method,
respectively.

Keywords: Remote sensing, Classification, Maximum likelihood



