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Soil Spatial prediction in an alluvial smooth area using support vector machines
Gh. Veisi Sartayereh, and P. Shekaari
M.Sc Graduate and Assistant Professor, Department of Soil Science, College of Agriculture, Razi
University, Kermanshah.

Abstract

Due to its practical importance, effective soil pattern recognition is an old wish of soil scientists. Nowadays,
efforts in this way, have led to application of artificial intelligence. Objective of this study was to evaluate
performance of support vector machine (SVM) algorithm to predict distribution pattern of SoilTaxonomy’s (ST)
Great groups (GG) in 50,000 ha. Miandarband area of Kermanshah province. Using simple systematic method,
an equilateral grid with 122 sampling nods designed, but practically 78 inspection pits were dug. The pedons
described and classified to the GGs level of ST. Environmental covariates calculated from 30-meter resolution
DEM file and OLI sensor image of Landsat 8. SVM algorithm with radial kernel function applied to predict
distribution of GG classes across the study area. Results showed considerable potential of SVM in spatial
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prediction of GGs. Generally, the results showed remarkable capability of SVM in predicting spatial distribution
of soil classes over the study area.
Keywords: Digital Soil mapping, machine learning, support vector machine.



