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L. Sadooghi !, M. Homaee?, A. A. Noroozi®

1.M.Sc. Graduated, Department of Soil Science, Science and Research Branch, Islamic Azad University,
Tehran, Iran.
2. Professor, Department of Irrigation and Drainage, Tarbiat Modares University, Tehran, Iran.
3. Assistant Prof., Soil Conservation & watershed Management Research Institute, Watershed Management
Research Division, Tehran, Iran

Abstract

Rice is a main food for most people in the world particularly in developing countries. Predicting crop yield
before the harvest by means of satellite remote sensing is very important for any decision making system in
agricultural farms. In interpolation-based methods, the unknown value is predicted by using the neighboring
known values. Estimating crop yield in large scales is very important for agriculture. In this study, first the
satellite images were obtained and the boundaries of farms were drawn afterwards. A number of 20 farms were
then randomly selected and their needed information including the actual yield and field measurements were
obtained. By using the information obtained from field sampling points, the rice yield was predicted with IDW
interpolation method, using ArcG1S10.2 software. Results of this study showed that remote sensing technology
can be considered as a reasonable tool for estimating rice yield in large scales.
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